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% Abstract— Document clustering is a method for improv-

B¢ ing efficiency and effectiveness for information retrieval and
' text mining. As growing of importance of electronic me-
dia for dealing large textual databases, the document clus-
tering becomes more significant. A method of hierarchi-
~ cal document clustering is inadequate for large document
databases in terms of its time complexity. Besides when
each document is characterized by only several terms or
keywords, clustering algorithms often produce poor results.
So a method of nonhierarchical document clustering based
on tolerance rough set models have been proposed to adapt
these problems. Though it is more suitable for documents
represented by keywords whose weights are the same de-
gree, it is inadequate for general documents consisted of
terms with a wide range of weight.
We propose a nonhierarchical document clustering algo-
rithm for general documents. 'We show the validity of the
proposed clustering algorithm by simulation rusults with
the test collection.
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