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Abstract— The K-Nearest Neighbor(K-NN) has been
widely used as an effective classification model that decides
class label with majority voting of K nearest neighbor sam-
ples. In this case class labels of data are equally treated. As
an improved version of this algorithm, the Locally Weighted
Naive Bayes(LWNB) method has been studied which selects
the neighbors of the test instance using Euclidean metric,
and then builds the Naive Bayes model in the local neigh-
borhood without simple majority voting. In this paper, we
propose an improved classification method of the Locally
Weighted Naive Bayes.
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